
An Efficient Web Image Re-Ranking using 

Query Specific Semantic Signatures  
Prakash R. Gadekar

#1
, JayshriKokare

*2
, Subhash V. Pingale

#3    
 

M.E(Computer), Assistant Professor, Department of Computer Science Engineering, SKN Sinhgad College of 

Engineering, Korti, Pandharpur, Solapur University, Solapur
1,3

. 

M.E (Computer), Department of Computer Science Engineering, SKN Sinhgad College of Engineering, Korti, 

Pandharpur, Solapur University, Solapur
2
 

1
gadekar.prakash@gmail.com 

2
jayshrikokare9@gmail.com 
3
sub.pingale83@gmail.com 

 

Abstract—Image re-ranking, as an operative way to progress 

the results of web based image search. The proposed work 

has been accepted by present commercial search engines. 

The query-specific semantic signature is also striking in this 

application, where it is key to reduce the semantic gap when 

computing the similarities of images. With the reason of the 

ambiguity of query keywords, there may be more than one 

semantic categories under only keyword query. Therefore, as 

these approaches cannot exactly capture users’ search 

intention without query images selected by users, the visual 

features of images are predictable into their related visual 

semantic spaces to get their semantic signatures. The 

resultant system will provide the results to user as close as to 

the query image. The proposed work will improve the 

efficiency of the image re-ranking. 
 

Keywords— Query keyword, Keyword Expansion, Query 

image, Image Search, Image Re-Ranking. 

I. INTRODUCTION  

Information concerning final paper submission 

is offered from the conference web site. Image searching is 

the process of finding relevant images on web search engines. 

A massive database has been maintained to store and retrieve 

images at server side.  Image re-ranking, is an 

effective approach to improve the results of web-based image 

search. It plays a vital role in day today life. The searching of 

images on web is mostly depends on the distant and 

surrounding text of the image. It is not always possible or in 

other words sometimes it is difficult to understand the user 

intention only by query keywords and this leads to irrelevant 

images with relevant one as a search results. Now a day it has 

been used by many search engines. User gives a query 

keyword, a pool of images square measure 1st retrieved by the 

search engine supported matter data. Then the user has to 

select question image from the pool. The remaining 

images square measure re-ranked based mostly on their visual 

similarities with the question image. It is inefficient and 

troublesome to learn a universal visual semantic area which 

characterize extremely various pictures from web. 

II. LITERATURE REVIEW 

A. “WEB IMAGE RE-RANKING USING QUERY-SPECIFIC 

SEMANTIC SIGNATURES 

Xiaogang Wang, Ke Liu et.al, presents the image re-

ranking with the semantic signatures. Re-ranking is done 

on the basis of SVM classifiers. The K-means The re-

algorithm is also used to for removing the images which 

may occurs as the outlier images, leads to the irrelevant 

results to the user. 

B. “ACTIVE RE-RANKING FOR WEB IMAGE SEARCH 

Xinmei Tian, Dacheng Tao, states thatthe active re-ranking 

is highly demanded to improve searching performance. 

Usually the image search re-ranking methods gets failsor get 

flopto capture the user's intention on the query term is 

ambiguous. To target the user’s purpose to decrease the user’s 

labeling efforts the author presents a structural information 

based sample selection strategy. Toward decreasing labelling 

efforts, use an active sample selection strategy and a 

dimension reduction algorithm. For learning the visual 

characteristics uses a new local-global discriminative 

dimension reduction algorithm learned which handovers the 

local information in the domain of the labelled images domain 

to the whole image database [2]. 

 

C. “Real time Google and live image search re-ranking” 
J.Cui, F. Wen, proposes to use adaptive visual similarity to 

re-rank the text based search results. A requested image by 

user is first categorized into one of several predefined 

intention groups, and to combine image features for re-

ranking based on the requested image, a specific similarity 

measure is used inside each category. It is quite effective way 

to intensely improve the user experience. A real times image 

search engine is developed for on-line image search with re-

ranking. To rise up and for better search result accomplished 

by user of Google image Search a real time re-ranking 

algorithm is used.  It states eight predefined categories for 

grouping and assigned a different feature weighting scheme to 

lidding a huge variety of image [3]. 
 

D.  Intent Search: Capturing User Intention for One-Click 

Internet Image Search 
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X. Tang, K.Liu, J. Cui, stated that a combination of query-

by-visual-example and semantic retrieval, is denoted as query-

by-semantic-example. Images are labelled with respect to a 

vocabulary of visual perceptions, as is usual in Semantic 

Retrieval. Each image is then characterized by a vector, 

referred to as a semantic multinomial, of posterior concept 

probabilities. Retrieval is based on the query-by-example 

paradigm: the user provides a query image, for which a 

semantic multinomial is computed and matched to those in the 

database. QBSE produces retrieval systems that are more 

precise than what was formerly possible [4]. 

 

E. “Relevance feedback: a power tool for interactive 

Content-based image retrieval 
Y. Rui, T. S. Huang, M. Ortega,provides a solution as a 

human Computer Interaction approach to CBIR based on 

relevance feedback. Relevance Feedback (RF) techniques are 

used to adjust the query by user’sfeedback. RF is an 

interactive process to improve the retrieval accuracy by a few 

iterations. RF algorithms are dependent on feature 

representations. This approach greatly reduces the user’s 

effort of composing a query and captures the user’s 

information need more precisely. This system will works 

based on the information gathered from user’s feedback. For 

the same the assumption was made as by user is consistent. 

Based on the feedback information, the system will either 

allocate or adjust the weights. With the same things the 

system will expects user’s more efforts to select multiple 

relevant and irrelevant examples.  [5]. 

III. PRAPOSED SYTSEM 

The system has an architecture as follows shown in figure 

1.1 

 
Fig.1. System Architecture 

 

The User have a query keyword. The system takes 

the keyword as an input. The keyword expansion will be done. 

The result will be shown to the user as images retrieved by the 

expanded keyword.  Consider as an example lotus is a query 

keyword. The lotus car, lotus pose, lotus flower is the 

expansion of the query keyword.  Query specific reference 

classes are done by the k-means algorithm. The pool of 

images as first result by the system is shown to the user. The 

task for user is to select a single image from the pool of 

images. This will be accepted by the system and will do the 

similarity checking according to the visual features of the 

selected image by the user. We are going to calculate total 66 

features for each individual image. The system will calculate 

the features of the image selected by the user. The Euclidean 

distance is calculated and comparison is done. Formula for 

calculating the Euclidean distance is as, 

Depending on these calculations cluster of the particular 

image is provided to user as a result by applying the re-

ranking on the same. We can define the feature set as, to catch 

a certain visual belongings of an image, either globally for the 

complete image or locally for a slight group of pixels.  In our 

project we are considering the colour, texture, shape features. 

For crawling domain name is the input to the system. 

The system will then crawl the images from the entered URL.  

The system will store the images with the tags. Then the 

feature extraction is done and display the results to the user 

when it is offline also. The feature is useful to extend the 

database. 

 

 
 

Fig.3. Screenshot showing graph of input and output image. 
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Fig.4. Screenshot showing user can addtag and description for 

an image. 

 

 
 

Fig.5. Screenshot showing the result for Image Based 

searching. 

 
 

Fig.6. Screenshot showing image upload feature by admin. 

 

 
Fig.7. Comparative analysis. 

IV. CONTRIBUTION WORK 

The system has two types of users. First one is target 

audience i.e. general user and second one is admin of the 

application. The concept of crawling is implemented for 

strengthening the images dataset. The URL of the page 

containing images will be given as input to the application by 

admin. The system crawls all the images present on the page 

and calculates features for them. The images and the 

calculated features are stored in the database. Thus a strong 

image dataset is generated with the use of crawling.  

For the user, if user thinks that he has an additional 

information related to searched image, the user is allowed to 

add the additional information for the the target image. Instead 

of directly save the that description with the particular image 

it will pass the that to the admin. The admin has the authority 

for saving the description of that image after validation.  

V. CONCLUSIONS 

A new image re-ranking framework, which learns query-

specific linguistics areas to considerably improve the 

effectiveness and potency of on-line image re-ranking is 

projected in this paper. The visual features of pictures area 

unit projected into their connected visual linguistics areas 

mechanically learned through keyword expansions at the 

offline stage. The existing methods linked for web image re-

ranking, we point out that these methods are not powerful 

enough to retrieve images efficiently by its including semantic 

concepts. In our project image re-ranking framework 

overcomes the shortcomings of previous strategies by 

reducing the ambiguity covered in previous methods, and 

improves the result. The feedback of humans is reduced by 

integrating visual and matter similarities that area unit 

compared for additional economical image re-ranking. User 

has only to do one click on image, based on that re-ranking is 

completed. 
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